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An Improved Interactive Graph Cuts for Image
Segmentation

ZHANG Wei-xiang,ZHOU Bing-feng
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Abstract:In this paper, we have improved the interactive graph cuts method for image
segmentation. There are three steps in the interactive graph cuts method. First, some pixels are selected
as the object and background seeds, and the left is the unknown region. Secondly, a graph is
constructed, in which the vertices are all the pixels and the edges are the neighborhbod relationship
between the pixels. Last, the image is cut into two parts, the object and background, using the min-cut
algorithm. The result is directly affected by the seeds which are selected by the user, and the pixels on
the border of the object may be partitioned wrongly. We erode the object and background region to
exclude the wrong pixels, then we use those as object and background seeds and do the graph cuts
again. The experiments show that the result is more accurate because most pixels of the object and
background are selected as seeds.
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